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IIpepgucioBue

18-i1 BHIITyCK exerofHuKa «KoMIbloTepHas JUHTBUCTUKA U WHTEJJIEKTYalb-
HBIe TEXHOJIOTUH» COAEPKUT U36paHHbIe MaTepUabl 25-1 MeXAyHapogHOU KoHDe-
peHnuHU «/luanor». Ha ocHoBaHMM MHEHH Halllero peleH3eHTCKOro Kopiyca Jjd
My6GIUKaIUK B eXXEeTOAHUKE peaKosierueii 6s1 oTobpaH 61 fokiaj u3 cra pabor,
KOTOPbIe ObLIY IPHUHATEH K Ipe/ICTaBIeHNIO Ha KoHepeHInY B 2019 rozy.

PaboTel B cOOpPHUKE OTPaXKAIOT Te HallpaBJIeHUs UCCIEOBAaHUI B 06J1aCTH KOM-
NIbIOTEPHOT'0 MOZIe/IMPOBAHUA U aHA/IM3a eCTeCTBEHHOTI'O A3bIKa, KOTOPHIE 110 Tpau-
LMY IPeZCTaBAAIOTCA Ha KOHQepEeHIIUU:

* KOMMbIOTEpPHBIE TUHIBUCTUYECKHE PECYPCHI
* KOoMMbIOTEpPHBIN aHAIU3 JOKyMEHTOB (KJaccudpuKanys, NepeBos,
MTOMCK, CaMMapu3alys, reHepalys, aHaIu3 TOHAJbHOCTH U T. 1.)
* T'my6okoe o6ydyeHue B NLP (MeTOAUKY MPUMEHEHHUS,
coZiepXKaTesibHasi MHTEPIPETALIVS)
* KommnbioTepHbI# aHanu3 Social Media
* KopmycHas JUHTBUCTHKA U KOpIycoMeTpus (METOAUKHU
CO3/aHUSA, UCIIOIb30BAHUSA U OLIEHKU KOPITYyCOB)
* JIMHIBUCTUYECKUH aHaNU3 TeKCcTa (MOPDOIOTHsA, CHHTAKCUC, CEMAaHTHKA)
* JIMHTBUCTHUYECKHE OHTOJOTUU U aBTOMaTUYeCKOe U3BjleueHre 3HaHU M
e MynbTUMO/aIbHAsA KOMMYHUKaIUs (BKIIOYAS
JIMHTBUCTUYECKUY aHanu3 peun)
* Mozenu 06IIeHUS U JUAIOTOBBIE aT€HThI
* KowMmmnbroTepHasi JeKCUuKorpadus

B cooTBeTCTBUY C TpaZAuLUAMY «/lajora», cTapeiiniei KoHbepeHIINH 110 KOM-
MBIOTEPHOM TUHIBUCTUKE B Poccun, oT60p paGoOT OCHOBHIBAETCA Ha IpeZACTaBIIe-
HUM O BaXXHOCTYU COeJVHEHUs HOBBIX METOZOB U TEXHOJIOTUI aHaIM3a SI3bIKOBBIX
JAHHBIX C IOJIHOLIEHHBIM TMHTBUCTUYECKUM aHaIN30M. Jluasor sBiseTcs ge-baKkTo
KpynHeimuM ¢popyMoM 1o npobireMam CO3JaHUs COBPEMEHHBIX KOMIIBIOTEPHBIX
pecypcoB, Moziesiel U TEXHOJIOT U AJIs PyCCKOTO sI3bIKa.

OZHO U3 KJII0YeBHIX COOBITUH «/luanora» — Io/BeZileHIe UTOIOB TEXHOIOTHYe-
CKUX COPEBHOBaHUI MeXYy pa3paboTINKaMU CUCTEM JUHI'BUCTUYECKOTO aHAIN3a
TekcToB, Dialogue Evaluation. B 3ToM rozy COCTOSINCH YeThIPe COPEBHOBAHUA:

* aBTOMaTHYecKas reHepalus 3aroJ0BKOB HOBOCTEI;
* aBTOMAaTHUYeCKUl aHATU3 MaJOPeCYPCHBIX A3BIKOB (ZJI KOTOPBIX OYeHb Majlo

JAHHBIX /71 MAIIMHHOTO 00y4YeHuUs1);

* aBTOMaTHYecKoe pa3peleHre aHadpoprl U onpeziesieHre pedepeHITNaTbHbIX 1ie-
moveK (pasIMYHbIX YIIOMUHAHU OJHOTO U TOTO XKe 00hEeKTa B TEKCTE),
* aBTOMAaTHUYECKOEe BOCCTAHOBJIEHUE CJIOB MO KOHTEKCTY (TAIITUHT-2JIIUTICHUC).

B c6opHUK BKJIIOUEHBI HanboJiee OpUTUHAIbHBIE paGOTHI YIaCTHUKOB 3THX COPEB-
HOBaHUH.



Crarbu B cOOpHHUKE MyOIUKYIOTCS HA PYCCKOM U aHTIMMCKOM sI3BIKax. [Ipy BEI-
60pe sI3bIKa Iy OIMKALIMY IEHCTBYET CIIeAYIOIee MPaBUIO:

* JOKJaZIBl TTI0 KOMITBIOTEPHOM JUHTBUCTUKE ZOJDKHBI MOJAaBaThbCS HA aHTJIWU-
CKOM sI3bIKe. DTO pPaCUIUPSET UX ayAUTOPUIO U IO3BOJISET IPUBJIEKATD K PelleH-
3UPOBAHUIO MEXAYHAPOAHBIX KCIIEPTOB.

* JIOKJIaZIbl, TOCBSIIEHHBIE TUHTBUCTUYECKOMY aHAIN3y PYCCKOTO S3BbIKA, TIPeJ-
roJIararoliye 3HaHUe 3TOTO S3bIKa y YUTATeNs, IOAAI0TCSI Ha PYCCKOM SI3BIKE
(c ob6A3aTebHON aHHOTALIMEN HAa aHTJIMICKOM).

HecmoTpst Ha TPaAMIMOHHYIO UIMPOTY TEMAaTUKH IIPeJCTaBJEHHBIX Ha KOH-
¢depeHIIUU U OTOOPAHHBIX B COOPHUK JOKJIAJIOB OHM HE MOTYT AaTh MOJHOH Kap-
THHBI HanpaBieHuil «/luanora». Ee MOXXHO HONYyYUTh C [IOMOLIbIO caiiTa KoHbe-
pennuu www.dialog-21.ru, Ha KOTOPOM IIp€e/ICTaBJIE€HBl OOIIUPHBIE JIEKTPOHHBIE

apXUBHI «/[1aJoroB» MOCIeJHUX JIET ¥ BCE PE3YJIbTaThl IPOBEAEHHbBIX TECTHPOBAHUI
Dialogue Evaluation.

Mpei1 o6paliaeM BHUMaHUE aBTOPOB U YHTaTeNlel cOopHuUKa, 4To ¢ 2018 roza Pea-
COBET OTKa3ajcsi OT mevyaTu cOOpHMKA Ha Gymare, ITOCKOJIbKY OyMa)KHBIH BapHUaHT
MIOJIb3yeTCs BCe MeHblIleH MOomynIapHOCTbi0. COOPHUK, KaK U B IIPOIUIbIE IO/, pa3Me-
maeTcs Ha calite KoHpepeHINY U MHAEKCHUpYyeTcs Scopus.

IIpoepammuslili komumem koH@epenyuu «Juanoe»

Pedxonnezusn cobopHuka «KomnviomepHas auH28UCMUKA
U UHMENIeKMYAlbHble MeXHO02UU»
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The paper reports a method to create a speaker’s prosodic fingerprint
based on the global characteristics of the pitch movement. Prosodic finger-
printis the distribution of f0 in the low, middle, and high ranges and the dis-
tribution of pitch movements from one range into other [Simko et al. 2017].
This fully automated method can be used to classify the records and to pro-
vide the reference level for more sophisticated analysis of the pitch move-
ment and intonation strategies. We evaluate the method by applying it to the
spontaneous Russian spoken data recorded in different regions. We model
the correlation between the fingerprint and sociolinguistic features such
as age, gender, and region. The results of this analysis allow to formulate
several sociolinguistic hypotheses that can further be tested with a more
detailed analytic technique.

Key words: prosodic fingerprint, speaker’s prosodic portrait, pitch move-
ment, unigram fingerprint, delta fingerprint, Russian prosody

1

The article was prepared within the framework of the Basic Research Program at the Na-
tional Research University Higher School of Economics (HSE) and supported within the
framework of a subsidy by the Russian Academic Excellence Project ‘5-100".

147



Chechuro I. Yu., Lyashevskaya O. N.

Yeuypo U. 10. (ilyachechuro@gmail.com)?,
JNawesckasg 0. H. (olesar@yandex.ru)"?

"HauyoHanbHbI MccneaoBaTenbCKuin YHUBETCUTET «Bbicwas
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B ctatbe ob6cyxpaeTcsa npuMeHeHMe MeToAa Co3AaHua npocoguye-
CKOro oTneyaTka roBOpsiLLLEr0 Ha OCHOBE OOLLMX XapakTEePUCTUK OBUXE-
HUS OCHOBHOIrO TOHa. [pocoany4eckuini 0TNeYyaTok—aTo pacnpeneneHe
fO B HMXHEM, CpegHEM U BEPXHEM Amana3oHax WU pacnpepeneHve aBu-
>XEHW BbICOTbI TOHA U3 OAHOrO AMana3oHa B Apyromn [Simko et al. 2017].
OTOT MOSHOCTLIO aBTOMATU3UPOBAHHLIA METOA, MOXET WUCMNOSb30BaThCs
Aong knaccubukaumm 3anucen B KOpnyce M nosiydyeHus npeacrtaBneHus
0 GOHe, C KOTOPbIM OyAyT CPaBHMBATLCSA OaHHble NpPU anbHewnwem, 60-
iee CNOXHOM aHanm3e cTpaTternin UHTOHNPOBaHUA. Mbl TPUMEHNIN METOL,
K CAOHT@HHbIM PYCCKOA3bIYHbIM AAHHbLIM, 3annUCaHHbIM B pPa3HbIX permno-
Hax. PaspaboTaHbl MOaeNn aHann3a 3aBMCMMOCTU MEXAY AaHHbIMU NPO-
COOMYECKOro oTneyarka u COLMONMHIBUCTUYECKMMIN XapaKTepnucTukamu,
TakMMM Kak BO3pacT, NOM U PermoH. Peaynesratel NpOBEAEHHOO HAMU aHa-
nn3a AaHHbIX NO3BONAIOT CHOPMYNMPOoBaTb PAL COLUONNHIBUCTUHECKNX
rmnoTes, KOTopble BNOCNEACTBUN MOTYT ObiTb MPOBEPEHLI C UCMOJIb30BaA-
Huem bonee rnybokMx METO0B aHaNN3a.

Kniouesble cnoBa: npocoamnyeckunii oTne4yaTok, NpocoamMyeckuii nopTpet
roBOPSILLEro, ABMXEHME YACTOTbl OCHOBHOIO TOHA, pycckasi npocoans

1. Introduction

The notion of the speaker’s prosodic portrait ,

is important as it assumes the existence of certain intrinsic, or neutral, proper-
ties of a particular speaker’s voice. includes in the repre-
sentation of the portrait features such as the fO range (minimal and maximal f0 val-
ues), the standard level of the elementary discourse unit onsets, the level of fallings
in the final and non-final positions, and the level of rises (and fallings on post-accent
syllables) characteristic of the comma and “three dots” intonation. More detailed rep-
resentations may contain hundreds of features. create fingerprints
of recordings rather than speakers and include as many as 167 features. However, all
such representations rely heavily on the manual (or partially automated) annotation
of the underlying linguistic and perceptive information.
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In this study, we propose a simple automated approach to creating primary speak-
er’s prosodic fingerprint based on the global characteristics of the pitch movement.
Prosodic fingerprint is the distribution of fO in the low, middle, and high ranges and the
distribution of pitch movements from one range into other . Using
the pitch data extracted with the Praat software, we create fingerprints of 26 Russian
speakers from different regions of Russia. We then conduct a case study and illustrate
how this technique can be used to help formulate primary hypotheses regarding the
relations between pitch movement and the sociolinguistic features of speakers such
as age, gender, and region. This study is a part of a larger research project dealing with
the regional aspects of the Russian intonation previously, in which data from different
regions of Russia and ex-USSR are collected and documented.

Our study is complementary to the qualitative studies of Russian intonation that
suggest the classifications of intonation patterns and their functional interpretations
such as , , ,

> ) )
, R . We use a quantitative approach,
which makes our study more in line with the studies of
, and those based on the corpus of One Speaker’s Day
and CORUSS ) that aim at modeling the speakers’ behav-
iour rather than propose overall generalizations. The study reported here is an at-
tempt to automatically investigate the structure of the field data in order to formulate
primary research hypotheses based on the observed phenomena.

Using the recordings made in four different regions of Russia (Krasnoyarsk,
Moscow, Nakhodka and Novosibirsk), we analyze the pitch movement in spontaneous
speech of the native speakers of regional Standard Russian. For each speaker, we re-
corded three samples of spontaneous speech: an interview, a dialogue and a retell
of the Pear movie . With the help of linear mixed effect modelling, we ex-
plore the correlation between the shape of the fingerprints and the biological sex, age
and place of residence of the speakers.

The remainder of this paper is organized as follows. Section 2 discusses the ex-
perimental settings, and Section 3 addresses the data sampling. Section 4 presents
the method to collecting the fingerprints based on the distribution of the pitch values.
Section 5 reports the statistical analysis of the data, and in Section 6, a discussion
of the obtained results is provided.

2. Participants and Experimental Conditions

All participants are monolingual native speakers of Russian born in Krasnoyarsk,
Novosibirsk, Nakhodka, and Moscow. Krasnoyarsk and Novosibirsk represent Siberia,
Moscow—Standard Russian and Nakhodka—Far East (the city population of which
usually originates from different regions of the ex-USSR and is highly mixed). At the
moment of the recordings, all the participants lived in their home regions or have
recently moved to Moscow to study at the university (1st year students in the begin-
ning of the 1st semester). All regional participants were divided into two age groups:
from 25 to 40 years old vs. 45 years old and older. This division was made in order
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to balance the sample; in the analysis presented in this paper age was used as a nu-
meric and not as a categorical variable. In each age group, there were two male and
two female participants. The speakers from Moscow were represented by two females
from the lower age group.

Each recording has been taken from two participants. In all pairs, the interlocu-
tors knew each other relatively well (they were classmates, friends or relatives) and
belonged to the same age and social group.

The spontaneous dialogues were recorded in the “fieldtrip” conditions in a quiet
room using a recorder that supports WAV format with no compression. The record-
ings made in Moscow, including those with the regional respondents, were made with
a professional recorder and individual headset microphones for each speaker.

The experiment began with setting up the recording devices and instructing the
participants. This stage took from 5 to 10 minutes. During this time, the participants
could talk to each other freely and simultaneously get used to the recording equip-
ment and the experimental environment.

2.1. Tasks for the Participants

There were three types of tasks. In the first task, the participants had to tell
a small story about their life (e.g. parents and family, school, favorite teachers, home-
town, etc.). The second task was an experiment with a map based on
, in which two participants, the instructor and the follower, were given a map
of the Moscow Zoo printed on an A2 sheet and a set of objects (coins, pencils, dices,
etc.) to place on the map. The experimenter placed objects on the Zoo map in front
of the instructor and the instructor had to explain the positions of these objects to the
follower so that the follower could repeat it on his map. During the experiment, the
speakers communicated using mobile phones. The third part of the experiment im-
plied retelling the Pear Movie that was presented to the participants
on the screen of the experimenter’s laptop.

3. Data Sampling and Annotation

Each speaker in the dataset was represented by 40 randomly selected utterances.
The utterances were extracted from each recording type using the following propor-
tion: 15 recordings from the interview, 15 recordings from the experiment, and ten
recordings from the pear story. The length of the recordings was not normalized. The
pitch values were extracted from each recording with a 10 ms step. The pitch values
were extracted with the standard functions of Praat. The pitch range (maximal and
minimal pitch values) was defined for each speaker separately.

The data have been annotated in Praat. The first tier contained the boundaries
of the speech units defined by pauses on the oscillogram. The parts of the record-
ings that contained sounds other than the participant’s speech (experimenters’ in-
structions, random noises) or were technically problematic to analyze (e.g. distortion
or low volume units) were marked on a separate tier. These parts of the recordings
were not used in the analysis.
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4. Constructing the fingerprints

The analysis of the data presented in this section partly adopts the approach intro-
duced in . Smoothing and wavelet transformations were omitted in the
analysis. For each of the speakers, the pitch range was defined as the difference between
the minimal and the maximal pitch values in all 40 recordings, with the exclusion of 5%
of the observations: 2.5% with the minimal values and 2.5% with the maximal values

. This type of range narrowing lowers the probability of including octave jumps and
other artefacts into the analysis. Then, the pitch values were normalized by the z-score. The
remaining range (95% observations) was divided into three equal parts that were coded,
respectively, with —1 (Low), 0 (Medium) u 1 (High), which correspond to the commonly
used division of the pitch range into Low, Medium and High ,

Fig. 1. Pitch sub-ranges in a recording sample

At the second step of annotation the transitions between the —1, 0 and 1 levels
were encoded. The data were annotated as follows: if the points N and N+1 (taken
with a 10 ms interval) are in the same pitch level, we interpret this as no-change
in pitch shape and code it as 0. If the points are in different sub-ranges, the transition
is coded as the difference between the levels: —2 (High to Low), —1 (Medium to Low,
High to Medium), +1 (Low to Medium, Medium to High) uau +2 (Low to High). This
annotation was designed in order to distinguish substantial pitch movements from its
minor fluctuations within a single sub-range.

The two types of the annotation were used to compose four datasets: the distri-
bution of observations by the sub-ranges, the transitions between the sub-ranges, and
the number of observations in each sub-range and the transitions of each type.

Each line of the dataset corresponded to one pitch value and contained the infor-
mation about the speaker’s name, their place of living, biological sex, age, text type,
sentence ID from 1 to 40, time on the recording the observation corresponds to, the
sub-range value —1, 0 or 1 (further called unigram) or the transition value —2, —1, 0,
1, 2 (further called delta). Upon this dataset, we created a new one, where each line
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corresponded to a sentence and the rows contained the meta information about the
text and the number of unigrams or deltas of each type in this sentence.

Due to the size of the datasets of the first type (the size of each dataset in the .csv
format was over 300 megabytes) and the limited resources of the personal computer
used for statistical modelling, the data of the first dataset were not used in the current
study. Nevertheless, we plan to use these data for statistical modelling using specifi-
cally designed systems with a better performance. The analysis presented in this pa-
per was conducted using only the second type of datasets.

5. Data Analysis

The preliminary analysis of the data was conducted using histograms of the uni-
grams and deltas values per speaker. illustrates the distribution of unigrams
per speaker, the histograms are colored by the region:

Fig. 2. The Distribution of the z-scored Unigram Values by Place, Sex and Age
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The shape of the histograms in suggests that the difference between
male and female respondents may play a significant role in Novosibirsk and Kras-
noyarsk with women having a greater proportion of “0” unigrams, while in Nakhodka
this difference is less pronounced and both sexes are similar. The histograms also
indicate that the number of “1” unigrams may not be of much significance and the op-
position can be viewed as “—1” vs. “not —1” values.

illustrates the distribution of deltas by speaker. The bar for “0” deltas
is intentionally omitted since its relative size did not allow to observe the “1” and “—1”
in men and women (the range for this bar is roughly between 10,000 and 20,000).
The shape of the histograms suggests that the main difference between male and fe-
male respondents is in how often the “—1” and “1” deltas occur in their recordings.
Again, in Nakhodka this difference is less pronounced than in other regions. Apart
from three speakers, the number of —2 and 2 deltas is imperceptible and the main
opposition appears to exist between O vs. —1 and 1 deltas. The data can thus be coded
as “0” vs. “not 0” deltas indicating the presence and the absence of pitch movement.

Fig. 3. The Distribution of the z-scored delta Values by Place, Sex and Age
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In the following analysis of the data we use linear mixed effect modeling to ex-
plore the effects of biological sex, age, place of origin and type of text (dialogue vs.
monologue) on the distribution of unigrams and deltas. We fitted the following mod-
els. The first model predicted the proportion of “~1” to “not —1” unigrams on the ba-
sis of biological sex, age, place of origin of the speakers, the type of the text and the
speaker identity as a random effect Imer(X1Prop ~ Sex*Age + Place + TextType + (1 |
Speaker_ID)). The second model predicted the same value on the basis of sex, age and
the type of the text with the place of origin as a random effect Imer(X1Prop ~ Sex*Age
+ TextType + (1 | Place)). Then, we fitted two models with the same predictors for
the proportion of “0” deltas to the “not 0” deltas: Imer(XOProp ~ Sex*Age + Place +
TextType + (1 | Speaker_ID)) and Imer(XOProp ~ Sex*Age + TextType + (1 | Place)).

The predicted value in the first model was the proportion of “—1” unigrams to the
“not —1” values. The controlled variables were biological sex, age, place of origin and
type of text (dialogue vs. monologue) and the speaker ID as a random effect. The step-
wise regression model selection with backward elimination has shown that the only
significant variable are sex (p-value = 0.000244) and text type (p-value = 0.009803)
with random intercepts by speakers. The effect of the two variables is provided in

shows that the proportion of “~1” unigrams is significantly lower in fe-
males than in males. Similarly, the same proportion to a smaller degree is observed
with respect to the text type. The factors of place and age turned out to be insignificant.

Fig. 4. The effect of biological sex and text type on the
proportion of “=1” unigrams to “not —1” unigrams
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The second model was delta-based and predicted the proportion of “0” deltas
to the “not 0” deltas. The set of predictors was the same as in the first model. The
backward model selection has shown that the only significant predictors is biologi-
cal sex. illustrates that the amount of pitch movement in male participants
is significantly lower than that in female participants.

The unigram-based model we fitted next was similar to the one described above
with the only change being made to the random effect structure: instead of fitting
random intercepts for speakers, we used random intercepts for different places. The
backward stepwise regression model validation has shown that the significant predic-
tors are sex, age and text type with the age-related change in pitch use being signifi-
cant in both sexes.

Fig. 5. The effects of biological sex and age on
the proportion of “0” and “not 0" deltas
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Similar changes were made to the delta-based model. The significant effects
turned out to be the same as in the unigram-based model. and il-
lustrate the effect of age with respect to biological sex. The effect of age is significant
in both genders and is more pronounced in women (the older female respondents use
less pitch movement than the younger ones). The models thus suggest that though
there is no global effect of age as suggested by the first two models, it does exist within
each city separately.

Fig. 6. Effect of age by sex and text type on the proportion of *=1” unigrams
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Fig. 7. Effect of age by sex on the proportion of “0” deltas

The last pair of models that we have fitted predicted the proportion
of —1 unigrams and 0 deltas on the basis of the interaction between sex, age and place:
Im(formula = XOprop ~ Sex:Age:Place) and Im(formula = XIprop ~ Sex:Age:Place).
The data for Moscow were removed from the dataframe since they only correspond
to one age group and one biological sex.
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Both models suggest that there is an age-related change in men in all regions
(p-values < 0.01 in both models for all regions), while for women it is attested only
in Krasnoyarsk (for “0” deltas, p-value = 0.007) and in Novosibirsk (for “—1” uni-
grams, p-value = 0.002). and illustrate the effect of age and sex
on the proportion of —1 unigrams and O deltas.

Fig. 8. Effect of age and sex by region on the proportion of “—1" unigrams

The last two models also allow to hypothesize that there is a major difference
between the Siberian cities and Nakhodka: while in Novosibirsk and Krasnoyarsk the
differences between speakers of different sexes are relatively clear, in Nakhodka men
and women appear to use pitch more similarly. Another possible interpretation of this
result may be that the biological sex in Nakhodka does play a role but our current an-
notation system does not track these differences.
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Fig. 9. Effect of age and sex by region on the proportion of “0" deltas

6. Discussion

The results of the regression analysis can be interpreted as follows. First, the first
unigram-based regression model has shown that male and female speakers use the
available pitch range differently. While males mostly use the “Low” part of the range,
women use other parts of the range more often. Linguistically, this means that men
may use less pitch movement in their speech, which may be related to a more expres-
sive function of pitch in male speech (significant pitch changes are rare and therefore
more noticeable). The first delta-based model has shown that male speakers cross the
sub-range boundaries significantly less often than females, which supports the hy-
pothesis of the comparably lower pitch use in their speech.

Another possible explanation of these results is that men divide their pitch range
differently than women and our version of the tripartite division of the pitch range
is not sensitive enough to track the pitch changes. The pitch movement of males may
occur within a single sub-range (e.g. within “~1”) and the remaining part of the range
will be reserved for the rare utterances with an extreme degree of expression. There
are thus two possible scenarios: (a) males use pitch movement more rarely than fe-
males and (b) the pitch movement in males has a lower amplitude in males but it is not
necessarily less frequent. Both interpretations, however, suggest that there is a ma-
jor difference between male and female speech and only differ in the nature of these
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differences, which means that the use of the pitch range that can be tracked automat-
ically using a relatively simple technique. These results are interesting in the sense
that they contradict the findings reported in the previous studies

, where no gender-related differences have been reported. The difference
between genders that is observed in our study may most likely be explained by the
different choice of measured parameters. While in the previous studies the models
measured and predicted the proportions of pitch curves of different types in different
speakers, we model the overall amount of pitch movement regardless of the particular
contours. The second reason may be that the previous studies did not consider regional
variation, which appears to have an impact on the prosodic portraits of male and fe-
male speakers. In our study, gender-related differences were observed in Novosibirsk
and Krasnoyarsk, while in Nakhodka they were not attested. This hypothesis, however,
requires additional testing with the use of a larger data sample from each region.

Interestingly, the models with place as a random effect suggest that there
is an age-related difference in male speakers with older speakers having a different
amount pitch movement. Thus, though the age-related differences are not seen glob-
ally, they exist within each city. From the linguistic point of view, this means that
older men use pitch differently from the younger ones but there is no such tendency
in women. It may also mean that the parts of the pitch range get re-organised with the
increase age and the available range starts to be used differently.

The regional difference between Nakhodka and other cities tracked by the last
two models allows to hypothesize the existence of an areal comparative concept,
namely of the difference between men and women in the intensity of the pitch use.
This means that different regions of Russia may differ with respect to whether men
intonate somehow differently than women or not. Another possible interpretation
of this result may be that the biological sex in Nakhodka plays a role but our current
annotation system does not track these differences. Both results, however, suggest
that the regions of Russia differ with respect to how men and women use pitch.

7. Conclusion

In this paper, we proposed a simple fully automated method of portraying
a speaker’s pitch usage. We created fingerprints of 26 speakers from different regions
of Russia and conducted statistical analysis of these data. The regression analysis has
shown that even though our representation of data is very simplistic, it may reveal
some significant correlations with the sociolinguistic features. The results of this
analysis allow one to formulate several sociolinguistic hypotheses that can further
be tested with a more detailed analytic technique and a larger data sample. The first
hypothesis regards the differences in the use of the available pitch range in male and
female speakers and the frequency of pitch change in the speakers of different bio-
logical sex. The second hypothesis is related to the age-related differences in the pitch
use in male speakers. Finally, the third hypothesis concerns differences in pitch use
between men and women across different regions.
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8. Supplementary Materials
Data used in the analysis and source code for the R scripts are available at:
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This paper addresses the task of automatic genre classification for Russian within the Func-
tional Text Dimensions (FTD) framework. Our aim in this study was to build the optimate FTD
classification model to annotate web texts from the GICR corpus. For training data, we used an
extended GICR dataset. We used the Support Vector Machine method with linear kernel for clas-
sification and converted training data to lower case to increase accuracy. During our research
we experimented with several classification parameters, such as types of features, C-value and
feature filtering to determine the best option for the classification model of the GICR dataset.
The resulting model was able to achieve satisfactory classification accuracy and was used for
GICR annotation. We also looked at the most significant features for each FTD in our best per-
forming model and compared them to the most frequent words in which these features occur.
Finally, we applied our model to segments of the GICR and looked at the FTD components in
these segments.
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The paper reports a method to create a speaker’s prosodic fingerprint based on the global char-
acteristics of the pitch movement. Prosodic fingerprint is the distribution of f0 in the low, mid-
dle, and high ranges and the distribution of pitch movements from one range into other [Simko
etal. 2017]. This fully automated method can be used to classify the records and to provide the
reference level for more sophisticated analysis of the pitch movement and intonation strategies.
We evaluate the method by applying it to the spontaneous Russian spoken data recorded in dif-
ferent regions. We model the correlation between the fingerprint and sociolinguistic features
such as age, gender, and region. The results of this analysis allow to formulate several sociolin-
guistic hypotheses that can further be tested with a more detailed analytic technique.
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Moscow, Russia

The paper considers the task of automatic discourse parsing of texts in Russian. Discourse pars-
ing is a well-known approach to capturing text semantics across boundaries of single sentences.
Discourse annotation was found to be useful for various tasks including summarization, sen-
timent analysis, question-answering. Recently, the release of manually annotated Ru-RSTree-
bank corpus unlocked the possibility of leveraging supervised machine learning techniques for
creating such parsers for Russian language. The corpus provides the discourse annotation in a
widely adopted formalisation—Rhetorical Structure Theory. In this work, we develop feature
sets for rhetorical relation classification in Russian-language texts, investigate importance of
various types of features, and report results of the first experimental evaluation of machine
learning models trained on Ru-RSTreebank corpus. We consider various machine learning
methods including gradient boosting, neural network, and ensembling of several models by
soft voting.
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